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Abstract
Using two unique surveys, one that includes over 6,000 respondents interviewed across 39 cities and another that
includes over 47,000 respondents interviewed across 26 U.S. cities, we investigate the extent to which perceptions
of local conditions—the state of the local economy, the quality of local schools, and local crime—reflect actual local
conditions. We examine individual-level differences in the accuracy of perceptions of local conditions using two
different frameworks, one that emphasizes factors that limit information acquisition and may exacerbate political
inequalities, and another that emphasizes motivations for information processing. Objective conditions influence
perceptions of conditions, but the relationship between objective and perceived local conditions is strongest among
individuals with high levels of education and preexisting knowledge. In addition, we find that partisanship plays a role
in shaping perceptions of local conditions. While the partisan match between a respondent and the mayor of their city
has little effect on local perceptions, the match between a respondent’s partisanship and the president’s party has a
strong effect on perceptions of the local economy.
Keywords
local politics, retrospective voting, urban politics, knowledge gap, partisan bias

Introduction
The local political arena represents something of a paradox: although residents interact with and are directly
affected by actions of local government to a much greater
extent than either state or national government, interest and
engagement in local political affairs is fairly limited (Caren
2007; Hajnal and Lewis 2003; Holbrook and Weinschenk
2014a). One important related issue that is beginning to
attract serious attention is the extent to which local electorates are positioned to hold local political officials accountable for local conditions (Arnold and Carnes 2012; Berry
and Howell 2007; Burnett and Kogan 2017; Holbrook
and Weinschenk 2014b; Hopkins and Pettingill 2018;
Kaufmann 2004; Lay and Tyburski 2017; Oliver and
Ha 2007). Of particular importance is the issue of what
factors structure citizens’ assessments of local conditions.
Although the question of how people perceive social, political, and economic conditions has been explored by political scientists, the bulk of existing research has focused on
state and national-level conditions (Duch, Palmer, and
Anderson 2000; Evans and Andersen 2006; Funk and
Garcia-Monet 1997; Hetherington 1996; Hopkins 2011;
McDonald and Tolbert 2012; Niemi, Bremer, and Heel

1999), leaving us with little understanding of how people
react to and assess economic and other conditions at the
local level.
Given the growing body of research showing that local
electorates integrate assessments about local conditions,
such as the state of the local economy, taxes, schools, and
crime, into their local electoral decisions (Arnold and
Carnes 2012; Berry and Howell 2007; Kaufmann 2004;
Oliver, Ha, and Callen 2012), it is important to evaluate
the accuracy of peoples’ perceptions of local conditions,
even if only in broad strokes. If the assessments that people form and use to evaluate local elected officials are
disconnected from reality, but instead reflect relative
ignorance or partisan bias, there may be cause for concern about the quality of democratic accountability at the
local level. Indeed, while voting on the basis of political,
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social, or economic conditions does not require that people have precise information about those conditions, it
seems sensible to suggest that if people are going to use
such conditions as a mechanism for political accountability, they should have broadly accurate perceptions about
what is going on.
In this paper, we study perceptions of three different
local conditions—the state of the local economy, the
quality of local public schools,1 and levels of local
crime—in cities across the United States. It is important
to note that there is a tremendous amount of variation in
the conditions that people experience in cities across the
United States: some people live in places with a thriving
local economy, while others live in places that consistently struggle; some live in communities where good
schools abound and others live in places where the local
schools get low marks; some live in places where they
rarely think about their safety, while others live in places
with exceptionally high crime rates. Do peoples’ perceptions about such conditions connect to the reality of the
cities where they live? We examine the extent to which
objective indicators guide individual perceptions of local
conditions, with a particular emphasis on the role of individual characteristics and predispositions in shaping the
connection between objective conditions and perceptions. Thus, to understand individual-level differences in
local perceptions, we make use of two different theoretical frameworks, one that emphasizes factors that limit
information acquisition and may exacerbate political
inequalities, and another that emphasizes political motivations for information processing.

Previous Research and Expectations
The question of whether people make accurate assessments about political, social, and economic conditions
has long been of interest to scholars (Duch, Palmer, and
Anderson 2000; Holbrook and Garand 1996; Niemi,
Bremer, and Heel 1999), with a number of scholars finding that the public’s perceptions of conditions are not
always fully rooted in reality (Achen and Bartels 2016;
Bartels 2002; Duch, Palmer, and Anderson 2000;
Gramlich 2016; Shao and Goidel 2016). Other studies
provide reason to be more optimistic about the capability
of the public to connect their assessments of conditions to
reality. For example, Niemi, Bremer, and Heel (1999,
188) find that “state economic perceptions are clearly
grounded in economic reality, that is, in the actual conditions of the state.” Similarly, in his research on public
perceptions of income inequality, Franko (2017) finds
that state-level perceptions of growing economic inequality, measured by aggregating survey questions, are significantly shaped by objective measures of inequality. Xu
and Garand (2010) also study perceptions of income
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inequality and find that the level of income inequality in
one’s state has a direct impact on individual-level perceptions about income inequality. In their studies on perceptions of national economic conditions, both Erikson and
Wlezien (2012) and Lewis-Beck, Martini, and Kiewiet
(2013) find strong relationships between objective economic indicators and aggregated survey measures that
capture perceptions of the state of the national economy.
While many studies have focused on perceptions of economic conditions, we should note that scholars have also
examined whether people accurately assess other conditions related to political life, including perceived levels of
political competition and projections of election outcomes. For instance, some scholars (Guinjoan et al. 2014;
McDonald and Tolbert 2012) have found that perceived
levels of political competition correspond to actual levels
of competition in congressional elections, and others
have found that, in aggregate, survey respondents do a
pretty good job predicting actual election outcomes
(Holbrook 2010; Lewis-Beck and Skalaban 1989).
When it comes to local politics, we know virtually
nothing about whether residents’ perceptions of conditions in their city are grounded in reality. Initially, one
might argue that because most people are fairly disconnected from local affairs, they will be ill-informed about
conditions in their city. Consequently, perceptions might
not match reality. On the other hand, the local context is
“closest” to people and, even though most people do not
pay a great deal of attention to local affairs, they may
have a sense of what is generally happening where they
live. Interestingly, Haller and Norpoth (1997, 567) find
that although people who pay attention to national news
about the economy are better at connecting objective economic conditions to their economic perceptions, even
those with little exposure to news about the economy
somehow manage “to get a glimpse of economic conditions.” Our analysis allows for us to explore this possibility at the local level and also provides an opportunity to
expand beyond the potentially low hanging fruit of
national economic conditions.
While numerous studies indicate that individual perceptions, especially those related to the economy, are
shaped by objective conditions (Lewis-Beck, Martini,
and Kiewiet 2013; Niemi, Bremer, and Heel 1999; Xu
and Garand 2010), some individual characteristics appear
to influence perceptions either directly or by moderating
the role of objective conditions. For example, perceptions
about national economic conditions seem to be colored
by partisanship, though there is debate about how pervasive this effect is (Achen and Bartels 2016; Bartels 2002;
Duch, Palmer, and Anderson 2000; Gerber and Huber
2010; Lewis-Beck, Martini, and Kiewiet 2013; Niemi,
Bremer, and Heel 1999). Of course, perceptions are necessarily based purely on predispositions or purely on
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objective information. Perceptions of conditions may be
structured by a combination of objective information and
predispositions (Franko 2017; Lewis-Beck, Martini, and
Kiewiet 2013; Niemi, Bremer, and Heel 1999), and other
individual characteristics may interact with information
about conditions to structure perceptions. In one of the
few studies to examine the interplay between objective
conditions and individual-level attributes, Xu and Garand
(2010) find that people with lower income levels are
more likely than their counterparts to connect objective
information on state income inequality to their perceptions about inequality.
Generally speaking, we expect that objective conditions will be related to individual perceptions of those
conditions. There are numerous environmental signals,
such as local media reports, discussions with friends or
neighbors, or personal observations, that provide people
with a general sense of how things are going where they
live. Importantly, we are also interested in the role of
individual predispositions in shaping the connection
between objective conditions and perceptions. Indeed,
people may respond differently to information about city
conditions. To understand individual-level differences in
perceptions about city conditions, we make use of two
different frameworks, one that emphasizes factors that
limit information acquisition and may exacerbate political inequalities, and another that emphasizes partisan
motivations for information processing.
To begin, we examine whether the “knowledge gap”
hypothesis, which has largely been studied in the context
of national politics, holds in the context of perceptions
about city conditions. The knowledge gap hypothesis suggests that when information enters a social system, it is
likely to exacerbate underlying inequalities in previously
held information (Gaziano 1997, 2013; Holbrook 2002;
Jerit, Barabas, and Bolsen 2006; Kwak 1999; Moore
1987; Prior 2005; Tichenor, Donohue, and Olien 1970;
Viswanath and Finnegan 1996). Specifically, while people
from all strata may learn as information becomes available, those with higher levels of preexisting information
(typically measured as level of education and/or political
knowledge) are likely to learn more than those with low
levels of preexisting information, and the gap between the
two groups expands. In the context of perceptions about
local conditions examined here, the knowledge gap
hypothesis suggests that respondents with high levels of
education or political knowledge are more likely than
their counterparts to be aware of and respond to cues and
information about local conditions. Research shows that
people who are predisposed to information acquisition are
indeed more interested in and informed about local affairs
(Oliver 1999). Thus, relying on education and political
knowledge as proxies for information acquisition, we
expect to see a stronger connection between objective
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conditions and perceptions of those conditions among
those with high levels of education and knowledge, compared with other respondents.
We are also interested in the motivations that people
have when they process information. In particular, we
want to learn about the role of partisanship in structuring
assessments about local conditions. Decades of political
science research has illustrated that partisanship influences how people react to, process, and use information
about the political world and that it plays a role in shaping
assessments of politicians, conditions, and events (Achen
and Bartels 2016; Bartels 2000, 2002; Campbell et al.
1960; Citrin and Green 1986; Gerber and Huber 2010;
Weinschenk 2013). In general, researchers have shown
that people tend to view conditions more favorably when
their partisanship matches the partisanship of the person
or institution who presides over the conditions. For example, Gerber and Huber (2010) find that immediately following a Democratic takeover of Congress, Democrats
became much more positive about the state of the economy and Republicans became much more negative even
though the state of the economy did not change much
during the change in power, a finding very much in keeping with Bartels’ (2002) litany of examples of partisanbased evaluations of political and economic outcomes. At
the local level, we know very little about the role of partisanship in structuring how people make assessments
about local conditions (Trounstine 2009), although a few
studies have indicated that partisanship does play a role in
shaping vote choice and mayoral approval (Holbrook
2009; Kaufmann 2004; Oliver and Ha 2007). Building on
the large body of research indicating “partisan bias” in
assessments of conditions and politicians (Bartels 2002;
Duch, Palmer, and Anderson 2000; Jessee 2010;
Weinschenk 2012), we expect that respondents who share
the mayor’s party affiliation hold more positive assessments about city conditions than those who do not share
the mayor’s partisanship. Relatedly, we expect that this
relationship is stronger in cities with partisan elections
than in cities with nonpartisan contests. In short, in places
where partisan cues are more pervasive, decision-making
should be more heavily influenced by party identification. This fits with previous work by Schaffner, Streb,
and Wright (2001), who show that when partisan labels
are removed, voters tend to place less weight on party
when casting their ballots.
It is worth noting that voters may integrate other political leaders into their assessments of local conditions.
Indeed, sometimes citizens pin responsibility or blame
for conditions on numerous political actors or on a political actor whose impact on conditions is more indirect
(Brown 2010; Stein 1990). Given the mixed and potentially much weaker nature of local partisan cues, coupled
with the heightened level of partisanship in national
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politics (Achen and Bartels 2016), we also take into
account the potential influence of presidential partisanship in shaping perceptions of local conditions. So, for
instance, Democrats might express optimistic views of
local conditions not as a means of cheerleading for an
incumbent Democratic mayor but instead as a means of
signaling support for an incumbent Democratic president
(vice versa for Republicans).2 To the extent that presidential partisanship plays a role in assessments of local conditions, we expect that people who share the president’s
party affiliation at the time of the survey will hold more
positive assessments about local conditions than those
who do not.
Before turning to our data and measures, it is worth
noting that we do not see the two ideas described above
as competing theories, but instead as two plausible processes that can happen at the same time. Rather than seeing this as a contest of some sort, we see both theories as
worthy of examination in the context of local politics and
believe that doing so can enhance our understanding of
how people make assessments about local conditions,
regardless of which approach finds the strongest empirical support.

Data and Measures
We use two unique datasets for our analyses. The first
dataset is the Urban Mayoral Election Study (UMES), a
public opinion survey administered prior to forty separate
mayoral elections in thirty-nine cities from 2007 to 2011.3
The overall sample size is 6,365 respondents, with an
average of 159 respondents from each city. The survey
was administered via telephone interviews utilizing separate random-digit-dialing samples from each city and
included approximately 90 questions.4 One of the advantages of the UMES design is the ability to capture and use
considerable variation in the political, social, and economic contexts of cities. Indeed, the survey sample was
designed to capture the range of experience in urban
political life specifically to enhance the generalizability
of the findings.
The second dataset we use is the Knight Foundation’s
Soul of the Community Study. In 2008, 2009, and 2010,
the Knight Foundation conducted surveys in each of
twenty-six Knight Foundation cities.5 The surveys were
administered by Gallup and a randomly identified adult
eighteen years of age or older completed a fifteen-minute
telephone interview. In each of the three years, the survey
instrument was very similar, which means that we have a
very large sample when we pool the three-survey years.
In each year, there are at least 400 interviews in each of
the twenty-six cities. Thus, across the 3 years we have
between 1,200 and 3,670 respondents per city. In total,
there are over 47,000 respondents when we combine the
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2008, 2009, and 2010 surveys. Data are weighted in each
community to reflect the U.S. adult population by age,
gender, race and ethnicity. The data were originally collected to understand the causes and consequences of
community attachment, but the surveys also included
questions about how people perceive conditions in the
city where they live.

Measuring Perceptions of City
Conditions
To measure perceptions of local conditions, we make use
of three different questions that were included in the
UMES. Capturing perceptions of the local economy, we
use the following question: “Would you say that over the
past year economic conditions in your city have gotten better, stayed about the same, or gotten worse?” To measure
perceptions of crime, respondents were asked “Overall,
how would you describe the problem of crime in your city?
Is it very serious, somewhat serious, not very serious, or
not serious at all?” Finally, to gauge perceptions about
local public schools, we make use of an item that asks
“Overall, how would you rate the quality of education students receive in kindergarten through grade twelve in your
city’s public schools? Would you rate it as very good,
somewhat good, somewhat poor, or very poor?”
The Soul of the Community Study also included questions about city conditions. To assess perceptions about
the economy, we use a question that asked “On the same
rating scale, where 5 means very good and 1 means very
bad, how would you rate economic conditions in (local
geography) today?” We measure perceptions of crime by
using a question that asks “On a five-point rating scale,
where 5 means extremely low and 1 means extremely
high, how would you rate the level of crime in your community?” Lastly, to measure perceptions about public
schools, we make use of the following questions: “On a
five-point rating scale, where 5 means very good and 1
means very bad, how would you rate the following in
(local geography)? The overall quality of public schools
in your community.”

Objective Measures of City
Conditions
Since we are interested in the link between perception
and reality, we also need measures of objective conditions for each of the dimensions described above. As
objective measures of the state of a city’s economy, we
make use of two indicators: the unemployment rate in the
city in the month preceding the survey and the change in
the unemployment rate over the last year.6 One important
reason to use change in unemployment alongside the
actual unemployment question is that the UMES survey
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item for the local economy is the only question in our
data set with an explicitly dynamic emphasis (“Would
you say that over the past year . . . ”). We gathered data on
city unemployment rates from the Bureau of Labor
Statistics website on Local Area Unemployment
Statistics. As an objective measure of crime, for each city
we calculated the crime rate using data from the FBI’s
Uniform Crime Reports. Thus, we summed the number
of violent and property crimes for each city and divided
the total number of crimes by the city’s population. Due
to substantially skewed distributions, we use the logged
(base 10) values for crime rate and unemployment rate.7
To assess how local public schools are doing, we use the
averaged freshman graduation rate, which is calculated
by dividing the number of graduates with regular diplomas by the size of the incoming freshman class four years
earlier and expressed as a percentage. This provides a
measure of the percent of students who graduate on time.
The measure is available for U.S. schools from the Local
Education Agency (School District) Universe Survey
Dropout and Completion Data from the National Center
for Education Statistics. There is considerable variation
in the averaged freshman graduation rate across cities. In
some places, the rate is in the low 40s (e.g., Gary, IN;
Detroit, MI) and in other places the rate is as high as 98
percent (e.g., State College, PA).8
Before moving on to our analyses, we need to be clear
about what it means to have perceptions reflect actual
conditions accurately. We have no expectation that
respondents know exactly what the local unemployment
rate, crime rate, or graduation rate is, only that when
unemployment and crime rates are relatively high (low),
or the high school graduation rate is low (high), they
report relatively negative (positive) perceptions of conditions in those domains. In other words, we are focusing
on whether respondents generally understand when times
are good and when times are bad. Importantly, this means
that, on average, respondents in cities where local conditions are good are expected to report relatively positive
evaluations, compared with respondents in cities in which
conditions are not as good.

Perceptions of Local Conditions
We turn now to the individual-level models, where we
incorporate objective measures as contextual variables.
Our primary interest in these models is in evaluating the
extent to which public evaluations are responsive to
objective conditions and the extent to which differences
in those evaluations are shaped by information inequalities and partisan cheerleading. Before proceeding, we
should also note that there are some differences between
the two sets of data that limit the extent to which we can
provide completely comparable analyses. Specifically,
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since the Knight Soul of the Community surveys were not
constructed as “political” surveys, they do not include
many of the standard political questions that could be
used to evaluate political (i.e., partisan) bases to evaluations of local conditions, or to evaluate the extent to
which the impact of local conditions on perceptions is
conditioned preexisting levels of political knowledge,
which is likely to be strongly related to information
acquisition (Zaller 1991). Given these differences, we
proceed by examining the conditioning influence of level
of education in both the Knight Foundation and the
UMES data, but explore the partisan bias hypothesis only
using the UMES data. In both datasets, we measure education as a four-point variable ranging from high school
degree or less, to some college, to college degree, to postgraduate degree. In the analyses using political knowledge (UMES data only), we use a four-point knowledge
variable, ranging from 0 (no correct answers) to 3 (three
correct answers).9
Given the ordered nature of the dependent variable,
along with the structure of the data set (individuals sampled within cities), a mixed-effects model (random intercepts for the cities) with a cumulative probability (ordered
logit) link is used to estimate the model parameters.10
Tables 1 and 2 present the initial individual-level models,
which, in addition to our key variables of interest, include
some basic demographic controls for respondent sex (1 =
female, 0 = male), income (dummy variables indicating
high, middle, and low income levels, with “don’t know/
refused” as the omitted group),11 and race (dummy variables for white and black respondents, with all other
racial groups as the omitted category), dummy variables
capturing the year of the survey,12 and a measure of one’s
general level of satisfaction toward their city. The control
for general satisfaction helps guard against the possibility
that perceptions of specific conditions could be influenced by positive or negative developments in other
domains, or reflect respondents’ generalized support or
opposition to local incumbents not captured by the simple
matched partisanship analysis.13 Consequently, the inclusion of this measure should mean that we have tougher,
more conservative empirical tests when it comes to the
variables of interest.14 The models also include two other
city-level measures that may be related both actual and
perceived conditions: the proportion of the local population who are white, and the log (base 10) of the population density of each city.
Before getting to the main results, it is instructive to
consider the baseline effects of aggregate indicators on
evaluations of local conditions. The results in Table 1
summarize these effects by reporting the slopes, standard
errors, and significance levels for all four indicators
across the two survey data sets, with the results for the
control variables not reported for the sake of tidiness.15
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Table 1. Summary of Results for the Direct Influence of Aggregate Indicators on Individual-Level Evaluations of Local
Conditions, UMES and Knight Foundation Data (Control Variables Not Shown).
Local economy
Dependent evaluation

Data source

Logged
unemployment

Change in
unemployment

Local crime

Local schools

Crime rate

Graduation rate

Local condition

Slope

SE

Slope

SE

Slope

SE

Slope

SE

UMES Data
Knight Foundation Data

1.937
1.571

0.467**
0.010**

0.0467
0.053

0.043
0.011**

2.475
0.564

0.704**
0.211*

−0.020
−0.005

0.003**
0.005

All models are estimated as mixed-effects ordered logit models with random slopes for city of survey and fixed-effect dummy variables for year
of interview, using clmm routine from the R package “Ordinal” (version 2019–4.25). UMES = Urban Mayoral Election Study.
*p < .05. **p < .001 (one-tailed test).

Table 2. Impact of Objective Indicators on Perceptions of Local Domain-Specific Outcomes, Conditioned by Level of Education
(Knight Foundation Data).
Local economy
Dependent evaluation
Local conditions
Local condition
Education
Education × Condition
Low income
Middle income
High income
Black
White
Female
Satisfaction with city
White proportion
Logged population density
2009
2010
Cut 1
Cut 2
Cut 3
Cut 4
City-level variance
N
Log likelihood
Nagelkerke pseudo R2

Logged
unemployment
Slope
1.300
−0.176
0.260
0.086
0.025
−0.140
−0.061
0.190
0.028
−0.811
−1.031
0.074
0.159
−0.086
−5.377
−3.226
−1.085
0.586

SE
0.243**
0.043*
0.047**
0.050*
0.049
0.052*
0.048
0.040**
0.019
0.010**
0.428*
0.148
0.054*
0.066
0.615**
0.615**
0.615*
0.615

0.178
38,974
−49,093.78
.39

Unemployment
change
Slope
0.039
0.035
0.013
0.084
0.022
−0.140
−0.071
0.182
0.028
−0.811
−1.705
0.093
0.301
0.279
−6.625
−4.476
−2.336
−0.665

SE
0.012**
0.013*
0.005*
0.049*
0.049
0.052*
0.048
0.040**
0.019
0.010**
0.496*
0.181
0.043**
0.025**
0.690**
0.689**
0.689**
0.689

0.262
38,974
−49,114.67
.39

Local crime

Local schools

Logged crime
rate

Graduation
rate

Slope
0.356
0.188
0.191
0.091
−0.088
−0.307
0.091
−0.184
0.129
−0.271
−0.070
0.011
−0.051
−0.009
−3.063
−1.757
−0.398
0.767

SE
0.216
0.066*
0.051**
0.050
0.049*
0.052**
0.047*
0.039**
0.019**
0.009**
0.228
0.081
0.025*
0.025
0.382**
0.382**
0.382
0.382*

0.049
36,115
−54,145.65
.46

Slope
−0.012
0.240
−0.001
−0.178
−0.007
0.092
0.101
−0.010
−0.013
−0.740
0.041
−0.106
−0.128
−0.036
−5.267
−3.726
−2.370
−1.218

SE
0.005*
0.052**
0.001*
0.051**
0.051
0.054*
0.048*
0.040
0.019
0.010**
0.905
0.290
0.028**
0.035
1.018**
1.018 *
1.018 *
1.018

1.0
35,763
−50,240.44
  .49

All models are estimated as mixed-effects ordered logit models with random slopes for city of survey and fixed-effect dummy variables for year
of interview, using clmm routine from the R package “Ordinal” (version 2019–4.25).
*p < .05. **p < .001 (one-tailed test).

Here, we see that when aggregated conditions are considered as additive, contextual variables, they generally have
the anticipated impact individual-level evaluations of
local conditions. In six of eight cases, when conditions
are favorable, evaluations tend to be positive, and when
conditions are not favorable, evaluations tend to be negative. The key questions for the remainder of this analysis

are whether the connection between conditions and evaluations is stronger for some groups than for others, and
whether evaluations are also driven by partisan
considerations.
For the most part, our expectations regarding information inequalities are confirmed in Tables 2 and 3 as the
interaction effects are significant and in the anticipated
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Table 3. Impact of Objective Indicators on Perceptions of Local Domain-Specific Outcomes, Conditioned by Level of Education
(UMES Data).
Local economy
Dependent evaluation

Logged
unemployment

Unemployment
change

Local conditions

Slope

SE

Slope

Condition
Education
Condition × Education
Low income
Middle income
High income
Black
White
Female
Satisfaction with city
White proportion
Logged population density
2008
2009
2010
2011
Cut 1
Cut2
Cut 3
City-level variance
N
Log likelihood
Nagelkerke pseudo R2

1.004
−0.551
0.757
−0.141
−0.090
0.094
−0.072
0.064
0.211
−0.586
0.822
−0.186
1.306
0.364
−0.057
−0.296
−2.603
−0.277
—

0.490*
0.098**
0.112**
0.098
0.091
0.099
0.093
0.082
0.052**
0.033**
0.320*
0.189
0.228**
0.222
0.231
0.247
0.871*
0.871
—

−0.003
0.012
0.053
−0.128
−0.075
0.109
−0.020
0.109
0.202
−0.589
0.469
−0.148
1.616
0.884
0.623
0.361
−3.114
−0.794
—

0.067
5,970
−5,469.86
.151

SE
0.044
0.030
0.011**
0.098
0.091
0.099
0.094
0.083
0.052**
0.033**
0.355
0.222
0.255**
0.229**
0.208*
0.244
0.921*
0.920
—

0.102
5,970
−5,487.22
.145

Local crime

Local schools

Logged crime
rate

Graduation
rate

Slope

SE

Slope

SE

2.525
−0.190
−0.037
−0.040
−0.047
−0.226
0.547
−0.055
0.427
−0.554
−2.228
0.017
−0.139
−0.570
−0.952
−0.660
−10.266
−8.187
−5.373

0.727**
0.180
0.140
0.105
0.096
0.103*
0.099**
0.085
0.054**
0.034**
0.561**
0.425
0.366
0.239*
0.358*
0.394*
1.442**
1.440**
1.437*

−0.013
0.486
−0.005
−0.084
0.066
0.232
0.056
0.168
−0.067
−0.642
−0.529
0.234
−0.304
−0.080
−0.409
0.571
−3.357
−1.087
0.376

0.003**
0.117**
0.002*
0.099
0.092
0.100*
0.092
0.083*
0.051
0.032**
0.313*
0.195
0.203
0.126
0.183*
0.213*
0.835**
0.834
0.834

0.288
5,883
−5,480.23
.229

0.07
5,489
−6,675.71
  .216

All models are estimated as mixed-effects ordered logit models with random slopes for city of survey and fixed-effect dummy variables for year
of interview, using clmm routine from the R package “Ordinal” (version 2019–4.25). UMES = Urban Mayoral Election Study.
*p < .05. **p < .001 (one-tailed test).

direction in seven of the eight models. Across both data
sets, there is a significant information interaction for the
impact of unemployment and change in unemployment on
perceptions of the economy, as well as a significant interaction effect for the freshman graduation rate, and a significant interaction effect for the crime rate in the Knight
Foundation data in Table 2. It should be noted that a nonsignificant interaction means that information about the
specific indicators is broadly accessible and connected to
perceptions. In the case of the crime rate in the UMES cities, for instance, there is a significant relationship between
local crime rate and individual perceptions of local crime
among those with a high school degree or less education,
and the relationship is not stronger or weaker for those
with higher levels of education. In other words, crime has
roughly equal accessibility to all respondents. The results
for political expertise are presented in Table 4 where we
see many similarities to the results for education: significant interaction effects for the unemployment rate, change
in unemployment, and the freshman graduation rate, but

no significant interaction effect for the crime rate. So,
across two separate data sets using similar but not identical questions from survey data gathered from largely different sets of cities across partially overlapping time
periods, we get very similar results that point to important knowledge gaps in perceptions of local conditions in
U.S. cities.
To provide a clearer understanding of these effects,
some of the relationships are plotted in Figure 1. Here, we
see visualizations of the relationships between objective
indicators and perceptions, conditioned by education,
using results from the UMES data from Table 3.16 The
strongest evidence of interaction effects is found in the
results for perceptions of the state of the local economy. In
the graph using the unemployment rate as the measure of
economic conditions (upper left), respondents with a high
school degree or less education are not very responsive to
the objective indicator whereas respondents in all three of
the other education categories react increasingly strongly
and connect the unemployment rate to their perceptions of
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Table 4. Impact of Objective Indicators on Perceptions of Local Domain-Specific Outcomes, Conditioned by Political
Knowledge (UMES Data).
Local economy
Dependent evaluation
Local condition
Condition
Political knowledge
Condition × Knowledge
Low income
Middle income
High income
Black
White
Female
Local satisfaction
White proportion
Logged population density
2008
2009
2010
2011
Cut 1
Cut 2
Cut 3
City-level variance
N
Log likelihood
Nagelkerke pseudo R 2

Logged
unemployment

Unemployment
change

Slope

SE

Slope

SE

0.385
−0.575
0.806
−0.119
−0.075
0.109
−0.079
0.019
0.238
−0.583
0.806
−0.189
1.339
0.393
−0.026
—
−3.006
0.676
—

0.418
0.091**
0.103**
0.096
0.089
0.095
0.092
0.083
0.053**
0.033**
0.309*
0.179
0.203**
0.172*
0.181
—
0.849**
0.8483
—

−0.027
0.041
0.050
−0.102
−0.052
0.138
−0.014
0.068
0.242
−0.586
0.464
−0.165
1.587
0.829
0.617
0.349
−3.110
−0.788
—

0.045
0.028
0.010**
0.096
0.089
0.095
0.093
0.083
0.052**
0.033**
0.353
0.220
0.254**
0.228**
0.207*
0.243
0.912*
0.911
—

0.061
6,051
−5,531.27
.129

0.101
6,051
−5,554.77
.121

Local crime

Local schools

Logged crime
rate

Graduation
rate

Slope

SE

2.685
0.745**
−0.292
0.170*
−0.157
0.132
−0.010
0.101
−0.057
0.093
−0.294
0.099*
0.537
0.099**
−0.059
0.085
0.403
0.054**
−0.555
0.034**
−2.219
0.564**
0.00
0.431
−0.132
0.365
−0.546
0.239*
−0.936
0.359**
−0.738
0.395*
−10.519
1.49
−8.446
1.49
−5.650
1.48
0.288
5,963
−5,962.65
.199

Slope

SE

−0.007
0.549
−0.006
−0.116
0.037
0.261
0.186
0.230
−0.023
−0.640
−0.588
0.263
−0.272
−0.157
−0.447
0.603
−2.797
−0.559
0.882

0.018
0.129**
0.002*
0.096
0.089
0.095*
0.093*
0.083*
0.051
0.032**
1.014
0.611
0.656
0.413
0.588
0.705
2.673
2.672
2.672

1.0
5,563
−6,799.82
   .185

Note: All models are estimated as mixed-effects ordered logit models with random slopes for city of survey and fixed-effect dummy variables for
year of interview, using clmm routine from the R package “Ordinal.” UMES = Urban Mayoral Election Study.
*p < .05. **p < .001 (one-tailed test).

the state of the local economy. The results for change in
the local unemployment rate (upper right) show even
greater differentiation according to level of education:
respondents with no more than a high school degree are
unmoved by objective conditions, those with some college experience respond positively to changes in the
unemployment rate, and those with four years or more
college experience react very strongly to changes in the
unemployment rate. The patterns for both unemployment
and change in unemployment fit the expectations of the
knowledge gap hypothesis quite nicely. The findings for
perceptions of local education (lower right) are similar in
nature: there is a negative relationship between the freshman graduation rate and perceptions of the quality of local
public schools that is somewhat weak among those with
the lowest level of education and grows increasingly
strong as education increases.17 The results for perceptions of local crime present completely null findings for
the conditional information effects. While the four groups
differ in an additive sense, the differences in their slopes

are not large enough to constitute real differences. This is
not to say that perceptions of crime are not grounded in
reality, just that all respondents react similarly to the local
crime rate, regardless of level of information. One possible explanation for this null finding is that the impact of
crime is not typically evenly distributed within cities, usually hitting poor neighborhoods the hardest. Since people
living in these neighborhoods are also likely to have lower
than average levels of education, their more direct experience with crime might offset the impact of educational
differences and lead to null effects for the interaction term.
At the same time, it is important to recall that there is a
significant interaction for the crime model using the
Knight Foundation data (Table 2).
One other pattern we note in Figure 1 is the differential
effects of education at varying levels of local conditions.
When times are bad—high or increasing unemployment,
high levels of crime, and poorly-performing schools—
perceptions of those conditions depend quite a bit on level
of education, but when times are good, education level has
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Figure 1. Illustration of the conditioning impact of expertise on the relationship between objective indicators and perceptions
of local conditions with education as a conditioning influence (Urban mayoral election study data).
All probability estimates were calculated based on the results from Table 3 using the R “effects” package, Version 4.1–2.

virtually no effect on perceptions of local conditions—all
respondents, regardless of education, get it. One implication of this, from a reward-punishment perspective, is that
those with high levels of information are best positioned
to hold local officials (mayors, council members, school
board members) accountable for negative outcomes, but
are no more likely than others to reward for positive outcomes. On one hand, since those with high levels of information are among the most likely to turn out to vote
(Leighley and Nagler 2013), the prospects for accountability may benefit from this disparity. However, this also
highlights the overlap between informational and political
inequalities.
The evidence in Tables 2 through 4, along with the
visualizations in Figure 1, drive home a couple of points.
First, broadly speaking, perceptions of local conditions
are responsive to objective indicators of those conditions.
We take this as a positive indication of the potential for
local electorates to reward or pushing local elected officials on the basis of local conditions. Second, there are

information-related effects that create inequalities in the
connection between indicators and perceptions: generally, the connection is stronger for those with higher levels of education, resulting in the already-information-rich
being best positioned to react to changes in local conditions. Finally, information inequalities tend to be least
apparent for perceptions of crime. As we pointed out
above, this may be related to how the effects of crime are
distributed within cities, but another possibility is that the
effects are weak here because crime is a policy area that
very clearly falls under the domain of local politics. In
addition to null findings for the crime interaction, the
impact of the education interaction terms, while statistically significant, is substantively weaker than the interaction effects in the unemployment models. We take this as
evidence that information regarding conditions related to
typically “local” policy areas is generally more broadly
accessible than information in policy areas with a more
clearly national or state connection. We see this pattern as
an indication that the accountability playing field is
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leveled a bit more when it comes to traditionally “local”
policy domains, though it is important to acknowledge
that we did find some information effects in these areas.
This “local issues” connection is also bolstered by the
model-fit statistics, which show that the collection of
individual and city-level variables we use here consistently do a better job of explaining variation in evaluations of schools and crime than in evaluations of the local
economy.

Incorporating Political Influences
We explore potential partisan biases in two different
ways. First, we consider whether respondents who share
the party affiliation of the incumbent mayor view conditions more positively than their counterparts, controlling for whether respondents live in a partisan or
nonpartisan city.18 The expectations for party identification are clear: respondents should be more likely to view
local conditions positively if they share the mayor’s
party affiliation than if they do not. The extent to which
there is shared partisan identity with the mayor is determined by using a three-category party identification
measure (“Generally speaking, do you think of yourself
as a [ROTATE: Republican, a Democrat] an Independent,
or what?”) alongside data on mayoral party affiliation.19
Same-party pairs are coded 1 on a party “match” dummy
variable, with the rest coded 0; and opposite-party pairs
are coded 1 on a party “mismatch” variable, and the rest
coded 0. Of course, this leaves independents as the reference category. To account for partisan influence from
national politics, we interact respondent party identification with a dichotomous variable for presidential administration (0 = Bush, 1 = Obama) at the time of the survey.
The expectation is that presidential co-partisans are motivated by ingroup bias and have perceptions of local conditions that are appreciably more positive than those
reported by out-party partisans, who are also motivated
by ingroup bias. Although there is abundant evidence of
partisan bias in evaluations of national politics based on
presidential partisanship (Bartels 2002; Gerber and Huber
2010; Weinschenk 2013), we know very little about how
presidential partisanship shapes local politics.
The results of the partisan bias analysis are found in
Tables 5 and 6. The first thing to note is that adding the
partisan controls leaves the other coefficients relatively
unperturbed from their original values—the knowledge
gap findings remain intact in both tables—but does produce some interesting, if somewhat mixed, effects
regarding the role of party. Curiously, there is very little
evidence that a partisan match with the incumbent mayor
introduces any bias into evaluations of specific local
conditions, at least in the anticipated manner.20 In both of
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the local economy models in Table 5, there is a significant negative coefficient for out-party status, but only in
nonpartisan cities. However, while those slopes are significantly different from zero, they are not statistically
different from the negative slopes for in-party status. So,
at best, it looks like in nonpartisan cities there may be a
slight tendency for partisans to be somewhat less pessimistic about the local economy. None of the local partisan match coefficients are statistically significant in
Table 6, where political knowledge is used as the conditioning information-based variable.
On the other hand, in both tables, there are strong effects
from shared presidential partisanship on perceptions of the
local economy but no effects on evaluations of local crime
and local schools. The impact of presidential partisanship
on perceptions of the local economy is summarized in
Figure 2, where the slope for party identification is plotted
separately for respondents interviewed during the
(Democratic) Obama and (Republican) Bush presidencies.
What we see here is virtually opposite effects from party
identification, depending on the party of the president.
Under President Bush, the probability of strong Republicans
rating their local economy as “worse” than the year before
was about .42, compared with .56 for strong Democrats;
while under President Obama, the probability of strong
Democrats rating the local economy as “worse” was .34,
compared with .50 for strong Republicans. These effects
are all the more impressive given that the model controls
for actual economic indicators as well as general levels of
satisfaction with local conditions. It is interesting that presidential partisanship exerts this influence on perceptions of
the local economy and not on perceptions of local crime or
local schools. In retrospect, we think this makes some
sense, given the prominent role the economy plays in
national politics, influencing both presidential approval
(MacKuen, Erikson, and Stimson 1992; Norpoth 1996)
and presidential election outcomes (Alvarez and Nagler
1995, 1998; Nadeau and Lewis-Beck 2001). In addition,
this pattern fits nicely with the earlier discussion of somewhat weaker information effects in these areas because
crime and public schools are more easily seen as local
issue areas. Also, in some sense, respondents probably
treat questions about the state of the economy as an extension of their evaluation of their general sense of well-being,
which may be buoyed when their own party is in control.
By contrast, crime rates and educational outcomes are
more likely to be seen as the outcomes of public services
that are provided by local governments. Overall, our finding regarding the influence of national politics on evaluations at the local level is suggestive of an important set of
considerations in the study of local politics. In short, future
studies on local politics should take seriously the possible
influence of national-level politics, such as partisanship or
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Table 5. Impact of Objective Indicators on Perceptions of Local Domain-Specific Outcomes, Conditioned by Level of Education
and Controlling for Partisan Bias (UMES Data).
Local economy
Dependent evaluation
Local condition
Condition
Education
Education × Condition
Low income
Middle income
High income
Black
White
Female
Local satisfaction
Partisan elections
In-party
Out-Party
Partisan City × In-Party
Partisan City × Out-Party
Party identification
Obama presidency
Party ID × Obama
White proportion
Logged population density
2008
2009
2010
Cut 1
Cut 2
Cut 3
City-level variance
N
Log likelihood
Nagelkerke pseudo R2

Logged
unemployment
Slope
1.034
−0.525
0.729
−0.115
−0.058
0.118
−0.085
0.017
0.199
−0.570
−0.148
−0.027
−0.146
−0.015
0.191
−0.96
−1.029
0.202
0.869
−0.184
1.294
0.705
0.262
−2.949
−0.619
—

SE
0.508*
0.099**
0.114**
0.104
0.097
0.104
0.097
0.085
0.053**
0.034**
0.240
0.123
0.127
0.229
0.233
0.020**
0.273**
0.026**
0.331**
0.198
0.247**
0.220**
0.227
0.915**
0.914
—

0.071
5,725
−5,234.85
.233

Unemployment
change
Slope

SE

0.007
0.019
0.048
−0.110
−0.047
0.129
−0.038
0.055
0.192
−0.571
−0.091
−0.048
−0.138
0.002
0.169
−0.100
−0.379
0.209
0.507
−0.157
1.626
0.571
0.298
−3.514
−1.190
—

0.045
0.031
0.011**
0.104
0.096
0.104
0.098
0.086
0.053**
0.034**
0.251
0.123
0.128
0.230
0.234
0.020**
0.266
0.026**
0.362
0.229
0.271**
0.327*
0.261
0.946*
0.945
—

0.105
5,725
−5,251.77
.228

Local crime

Local schools

Logged crime
rate

Graduation
rate

Slope

SE

2.965
0.668**
−0.231
0.184
−0.068
0.143
−0.022
0.110
−0.026
0.101
−0.218
0.108*
0.537
0.104**
−0.081
0.088
0.447
0.055**
−0.540
0.035**
0.425
0.298
−0.094
0.125
0.016
0.129
0.310
0.244
0.198
0.245
0.012
0.021
−0.480
0.366
−0.018
0.027
−2.356
0.506**
−0.007
0.385
0.207
0.343
0.191
0.358
−0.133
0.362
−10.659
1.332**
−8.522
1.328**
−5.684
1.325**
0.223
5,638
−5,220.80
.313

Slope
−0.012
0.448
−0.004
−0.100
0.047
0.185
0.159
0.180
−0.043
−0.611
0.123
−0.096
0.024
0.220
−0.121
0.022
0.492
0.022
−0.660
0.225
−0.188
−0.556
−0.940
−3.182
−0.936
0.523

SE
0.018
0.141**
0.002*
0.104
0.097
0.104*
0.098
0.086*
0.052
0.033**
0.453
0.124
0.128
0.230
0.233
0.020
0.715
0.026
1.027
0.645
0.692
0.710
0.752
2.807
2.807
2.807

1.0
5,283
−6,450.75
   .300

All models are estimated as mixed-effects ordered logit models with random slopes for city of survey and fixed-effect dummy variables for year
of interview, using clmm routine from the R package “Ordinal” (version 2019–4.25). UMES = Urban Mayoral Election Study.
*p < .05. **p < .001 (one-tailed test).

whether certain local issues are more likely to be connected
to national politics than others.

Conclusion and Future Research
In this paper, we examined the extent to which peoples’
perceptions of local conditions are connected to reality.
This is an important question given the growing body of
research showing that local electorates make use of a variety of local conditions when evaluating local political officials. If people have inaccurate perceptions about local
conditions, and then use those assessments when voting in

local elections, there may be cause for concern about the
quality of democratic accountability at the local level.
Overall, we found that objective conditions influence
individuals’ perceptions of those conditions, but the perceptions of those with access to more information were
the most responsive to objective conditions, while those
with the lowest levels of information were the least
responsive. This finding is important as it indicates that
the “knowledge gap” hypothesis holds in the context local
politics. Among political scientists, the knowledge gap
hypothesis has largely been examined in the context of
national politics, and this research represents an important
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Table 6. Impact of Objective Indicators on Perceptions of Local Domain-Specific Outcomes, Conditioned by Level of Political
Knowledge and Controlling for Partisan Bias (UMES Data).
Local economy
Dependent evaluation

Logged
unemployment

Local condition

Slope

Condition
Political knowledge
Knowledge × Condition
Low income
Middle income
High income
Black
White
Female
Local satisfaction
Partisan elections
In-party
Out-Party
Partisan City × In-Party
Partisan City × Out-Party
Party identification
Obama presidency
Party ID × Obama
White proportion
Logged population density
2008
2009
2010
Cut 1
Cut 2
Cut 3
City-level variance
N
Log likelihood
Nagelkerke pseudo R2

0.624
−0.530
0.752
−0.062
−0.010
0.170
−0.093
−0.021
0.231
−0.565
−0.193
−0.088
−0.188
0.060
0.241
−0.092
−0.866
0.195
0.838
−0.204
1.274
0.519
0.105
−3.287
−0.954
—

SE
0.520
0.094**
0.107**
0.102
0.095
0.101*
0.097
0.086
0.054**
0.034**
0.238
0.123
0.127
0.228
0.232
0.020**
0.271**
0.026**
0.330*
0.196
0.246**
0.220**
0.226
0.916**
0.915
—

Unemployment
change

Local crime

Local schools

Logged crime
rate

Graduation
rate

Slope

SE

Slope

SE

Slope

−0.020
0.042
0.047
−0.056
0.008
0.189
−0.031
0.016
0.235
−0.565
−0.131
−0.091
−0.173
0.047
0.207
−0.098
−0.389
0.209
0.507
−0.161
1.598
0.524
0.285
−3.459
−1.323
—

0.047
0.029
0.010**
0.102
0.095
0.100*
0.098
0.086
0.054**
0.034**
0.251
0.124
0.128
0.229
0.232
0.020**
0.268
0.026**
0.366
0.232
0.274**
0.331
0.265
0.953**
0.952
—

3.075
−0.287
−0.154
0.008
−0.038
−0.293
0.540
−0.081
0.417
−0.539
0.484
−0.055
0.064
0.260
0.127
0.019
−0.530
−0.026
−2.337
−0.032
0.214
0.299
−0.033
−10.791
−8.666
−5.846

0.689**
0.176
0.137
0.108
0.099
0.104*
0.103**
0.088
0.056**
0.035**
0.297
0.125
0.128
0.243
0.244
0.021
0.367
0.026
0.504**
0.387
0.344
0.360
0.363
1.332**
1.328**
1.325**

−0.008
0.516
−0.006
−0.100
0.054
0.265
0.050
0.091
0.012
−0.609
0.073
−0.140
−0.033
0.237
−0.030
0.026
0.522
0.023
−0.629
0.202
−0.219
−0.666
−1.050
−3.048
−0.776
0.698

.070
5,786
−5,283.06
.216

.108
5,786
−5,302.66
.210

.224
5,698
−5,291.71
.291

SE
0.007
0.132**
0.002*
0.102
0.095
0.100**
0.095
0.085
0.053
0.033**
0.235
0.120
0.124
0.226
0.230
0.020
0.232*
0.025
0.317*
0.196
0.209
0.217*
0.230**
0.916*
0.915
0.916

.067
5,339
−6,492.94
.286

All models are estimated as mixed-effects ordered logit models with random slopes for city of survey and fixed-effect dummy variables for year
of interview, using clmm routine from the R package “Ordinal.” UMES = Urban Mayoral Election Study.
*p < .05. **p < .001 (one-tailed test).

contribution by extending these ideas to the local political
arena. In addition to examining the role of education and
knowledge, we examined the role of partisanship in shaping local perceptions. Although local politics is often discussed as a place where partisanship and partisan divides
are less pronounced, we found that partisanship does play
a role in shaping perceptions of local conditions.
Interestingly, while the partisan match between a respondent and the mayor of their city had little effect on local
perceptions, we found that presidential partisanship makes
its way into the local political arena—the match between
a respondent’s partisanship and the president’s party has a
strong effect on perceptions of the local economy.

One particularly impressive aspect of these findings
stems from their consistency. As described earlier,
although the two survey data sets do not use the exact
same question wordings for most items used in these models (though both datasets are appropriate to the task), and
the survey data were gathered from largely different sets
of cities across partially overlapping time periods, we get
very similar results that point to important knowledge
gaps in perceptions of local conditions in U.S. cities.
Whether using the Knight Foundation or UMES data,
relying on education or political knowledge as the conditioning variable, controlling for political influences or not,
the same general picture emerges. Popular evaluations of
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Notes

Figure 2. Impact of party identification on evaluations of the
local economy, conditioned by presidential party.

All probability estimates were calculated based on the results in Table
5 using the R “effects” package, Version 4.1–2.

local conditions generally reflect objective indicators of
those conditions, though the connection between conditions and evaluations is moderated by propensity to gather
information, and some evaluations are clouded by (presidential) partisan bias.
Still, there is a lot of room to expand research in this
area. We examined three local conditions in this paper,
but there are certainly other conditions that could be studied at the local level (e.g., taxes, infrastructure, the environment, corruption, etc.). Thus, the framework used here
could be extended to other domains. And, of course,
although we were able to make use of two fairly large
surveys data sets, it would be worth examining our findings in other datasets and contexts. Finally, we encourage
additional work on the role of partisanship in local politics. Although local politics is often thought to be less
partisan than national politics, our results provide evidence that even factors like presidential partisanship
shape local political assessments. We need to learn more
about the role of partisanship and national politics in local
political affairs.
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1. It is important to include a measure of school performance
here even though the connection to mayoral (or perhaps
city council) elections is less direct than is the case for the
local economy or the crime rate. Beyond such municipal
elections, voters across the country, and across the cities
we study here, are also asked to make judgments about the
performance of elected school board members, and there is
some evidence that local electorates are capable of making
those judgments (Berry and Howell 2007). In other words,
local electoral politics can extend beyond the confines of
City Hall.
2. Interestingly, Holbrook (2009) investigates the role of
presidential partisanship in mayoral elections and finds
that views of the president have an independent effect
on mayoral vote choice, especially in cities with partisan
elections.
3. The cases (Atlanta, GA, 2009; Baltimore, MD, 2007;
Boise, ID, 2007; Boston, MA, 2009; Charlotte, NC,
2007, 2009; Cincinnati, OH, 2009; Cleveland, OH, 2009;
Columbus, GA, 2010; Columbus, OH, 2007; Dallas, TX,
2011; Denver, CO, 2011; Detroit, MI, 2009; Durham, NC,
2007; Ft. Wayne, IN, 2007; Fresno, CA, 2008; Garden
Grove, CA, 2010; Greensboro, NC, 2007; Houston, TX,
2009; Indianapolis, IN, 2007; Jacksonville, FL, 2011;
Laredo, TX, 2010; Mesa, AZ, 2008; Miami, FL, 2009;
Philadelphia, PA, 2007; Pittsburgh, PA, 2007; Reno, NV,
2010; Riverside, CA, 2009; Sacramento, CA, 2008; Salt
Lake City, UT, 2007; Santa Ana, CA, 2010; Seattle, WA,
2009; Shreveport, LA, 2010; Spokane, WA, 2007; St.
Petersburg, FL, 2009; Tacoma, WA, 2009; Toledo OH,
2009; and Yonkers, NY, 2007) selected for this study are
drawn from among the 125 largest cities in the United
States. While other large cities held elections during the
same time period, the cities selected for this study were
chosen, in part, based on competitiveness and with the
purpose of maximizing variance in demographic and candidate diversity.
4. The target population is the citizen voting-age population.
Because there is a slight tendency to overrepresent the
non-Hispanic White population, poststratification weights
are used to bring the composition of the local samples into
line with existing Census estimates of local racial and ethnic composition, based on the adult citizen population.
5. The 26 cities are as follows: Detroit, MI; Philadelphia,
PA; Miami, FL; St. Paul, MN; San Jose, CA; Palm Beach,
FL; Charlotte, NC; Bradenton, FL; Akron, OH; Gary, IN;
Long Beach, CA; Boulder, CO; Columbia, SC; Wichita,
KS; Lexington, KY; Tallahassee, FL; Columbus, GA;
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6.

7.

8.

9.

10.
11.

12.
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Fort Wayne, IN; Duluth, MN; Macon, GA; Biloxi, MS;
Grand Forks, ND; Myrtle Beach, SC; State College, PA;
Milledgeville, GA; Aberdeen, SD.
We calculated the change measure by using data on the
unemployment rate in the month preceding the survey and
then data on the unemployment rate twelve months before
that. For example, if respondents in a city were surveyed
in November of 2007, the change in unemployment would
be based on the change between October 2007 (the month
immediately before the survey) to October 2006 (one year
before that). Thus, if unemployment was 5 percent in
October 2006 and 7 percent in October 2007, the change
value would be +2 percent.
Similar results are obtained when we use the raw crime
rate and unemployment rate, but the mixed-effects models
had fewer problems (errors and warnings) when using the
logged versions.
More recent evaluations of school performance complement the Average Freshman Graduation Rate (AFGR) with
the Average Cohort Graduation Rate (ACGR), which tracks
the graduation rates of the new freshman cohort from a
given year, excluding those students who transfer out during the next four years and including those who transfer in.
Unfortunately, the ACGR data were not gathered until the
2010–2011 school year, so we cannot use it here, since the
vast majority of our survey data were gathered from 2007 to
2010. In a few cases, due to missing data, the AFGR from
the most proximate year was substituted for the missing
information.
The measure of political knowledge (only available in the
UMES) is a three-item scale that captures the number of
correct responses given to questions about U.S. politics:
which party controlled the U.S. House of Representatives
and the U.S. Senate at the time the respondent was interviewed, and whether they knew what job or political
office Nancy Pelosi (before 2011) or John Boehner (after
2010) held. On this measure of expertise, 22 percent were
unable to answer any questions correctly, 16 percent could
answer one question correctly, 24 percent answered two
questions correctly, and 38 percent answered all three correctly. Although this is a measure of political expertise at
the national level, it is positively related to measures of
local engagement (how closely respondents said they followed mayoral elections and self-reported familiarity with
mayoral candidates).
All models are estimated in R, using the clmm function
from the Ordinal package (version 2019.4-25).
The codes for income categories are somewhat different
in the two data sets, leading us to use slightly different cut
points. The three income categories in the UMES data are
less than $31,000, $31,000 to $75,000, and greater than
$75,000 per year. In the Knight data, they are less than
$44,999, $45,000 to $99,999, and $100,000 or more.
The mixed-effects models did not always tolerate all of
the year dummy variables when using the UMES data,
so this group of controls varies a bit across models. To
be clear, the results for the other variables in the model
are unaffected by the combination of year dummy
variables.

13. The wording for this item from the UMES survey is “On the
whole, are you very satisfied, somewhat satisfied, somewhat dissatisfied, or very dissatisfied with the way things
are going in your city?” and for the Knight Foundation it
is “Taking everything into account, how satisfied are you
with (local geography) as a place to live? Please use a fivepoint scale, where 5 means you are extremely satisfied and
1 means you are not at all satisfied. You may use any of the
numbers 1, 2, 3, 4, or 5 for your rating.”
14. We should also note that beyond providing conservative
tests, the inclusion of this measure may also help account
for common-method bias (Podsakoff et al. 2003), whereby
respondents answering similarly formatted questions
might generally provide positive, negative, or neutral
responses, due to the question format rather than to underlying attitudes. We are indebted to an anonymous reviewer
for reminding us of this point.
15. The effects for the control variables are very similar to the
effects reported in other tables throughout this paper.
16. The effects of unemployment and crime rate are presented
using the raw versions of these variables.
17. The negative slope between the average freshman graduation rate (AFGR) and evaluations of local schools makes
sense, since high values of AFGR represent a positive outcome (high graduation rates) and high values of the dependent variables represent negative evaluations.
18. Cities in which partisan labels appeared on the ballot
are Baltimore, Charlotte (2007 and 2009), Fort Wayne,
Indianapolis, Jacksonville, New York City, Philadelphia,
Pittsburgh, Shreveport, and Yonkers. Shreveport uses a
“nonpartisan primary” and runoff system, but one in which
the candidates run on party labels and the ballots designate
the party of the candidate. This is referred to as “nonpartisan” because the candidates from all parties appear on
the ballot. In this particular election, the general election
featured a Democrat and a Republican.
19. Although more than two-thirds of respondents live in nonpartisan cities, we were able to make educated guesses
about the party affiliation of the mayors, based on prior
office holding, prior campaigns, other public political
experience, or average respondent party placement of the
candidates. When possible, we gleaned partisanship information from local news articles and web searches. In many
officially nonpartisan cities, local media coverage of the
candidates will mention candidate partisanship directly or
indirectly (e.g., the candidate has the backing of the county
Republican Party). If we could not find data on partisanship through news articles or searches, we relied on marginal responses from survey questions about perceived
candidate partisanship that were included in the UMES to
identify how local residents perceived the party affiliation
of the mayor. Our approach is certainly in line with other
recent studies on local politics, including de BenedictisKessner and Warshaw (2016), who “coded candidates’
partisanship based on any clear indicators that candidates’
leaned toward one of the two parties. These indicators
included past or future partisan elected offices that a candidate held, mentions in historical newspaper articles of their
partisanship, and campaign-donation-based data.”

Holbrook and Weinschenk
20. The null findings are not surprising in the case of evaluations of local schools, since mayors are generally not
responsible for local schools and their partisanship should
not be relevant to evaluations. However, since mayors
might be the focus of “blind retrospection,” where voters
hold them responsible for conditions generally, regardless
of their level of control, it is important to test for partisan
effects in the schools model as well.
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